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Agulló, J. (1996), “Exact Iterative Computation of the Multivariate Min-
imum Volume Ellipsoid Estimator with a Branch and Bound Algorithm,” in
Proceedings in Computational Statistics, ed. Prat, A., Physica-Verlag, Hei-
delberg, 175-180.
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Keleş, 217, 252

Kelker, 55

Kennard, 252



538 Index

Khatri, 66

Khattree, 369, 370, 394

Kim, 254, 317

Klouda, 316

Knight, 195, 223, 227, 251–253

Koenker, 345

Konietschke, 410

Kotz, 57, 103

Krasnicka, 78

Kshirsagar, 369, 382

Kuehl, 119

Kutner, v

ladder of powers, 8

ladder rule, 8

Lahiri, 252

Lai, 89, 182, 252

Lancelot, 493

Larsen, v

lasso, 3, 10, 207, 254, 393

lasso variable selection, 252

Law of Total Probability, 146

least squares, 14

least squares estimators, 355, 401

Ledolter, v, 429

Lee, v, 26, 33, 83, 86, 94, 97, 115, 135,

251, 253, 369

Leeb, 143, 195, 196, 251, 255

Lehmann, 42, 43, 59

Lei, 153, 255

Lemeshow, 424, 426, 451, 492

Leon, v, 284

Leroy, 255, 275, 283, 318, 321, 332, 344

Lesnoff, 493

leverage, 152, 236

Li, 144, 146, 269, 487–489, 492

limiting distribution, 35, 37

Lin, 253

Lindenmayer, 474

linearly dependent, 72

linearly independent, 72

linmodpack, vi

Little, 446, 463

Liu, 252, 343, 410

LMS, 316

location family, 116

location model, 27, 271

Lockhart, 251, 252

log rule, 8, 447

logistic regression, 268, 423

Loh, 254
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Maš̈ıček, 317

Machado, 167

MacKinnon, 100

MAD, 3, 272

Mahalanobis distance, 54, 155, 157, 275,

305, 342

Mallows, 140, 142, 144, 254, 318, 480

MANOVA model, 400

Marden, 2, 78

Mardia, 57, 277, 408

Markov’s Inequality, 40

Maronna, 281, 290, 343, 344, 394

Marquardt, 221

Marx, v

Masking, 314

Mason, 222, 223, 251

Mathsoft, 498

matrix norm, 330

MB estimator, 284

McCullagh, 492

MCD, 280

MCLT, 3

mean, 272

mean square error, 66

MED, 3

median, 272, 341

median absolute deviation, 272, 341

Meinshausen, 229, 253

Mevik, vi, 217, 497

mgf, 3, 46

Milton, v

minimum chi–square estimator, 433

minimum covariance determinant, 279

minimum volume ellipsoid, 343

mixture distribution, 52, 59

MLD, 3, 273

MLR, 2, 3, 13

MLS CLT, 367

model averaging, 196

model sum of squares, 30

modified power transformation, 10

moment generating function, 79

Monahan, v

Montanari, 251

Montgomery, 445

Moore, 121

Morgenthaler, 394



Index 539

Mosteller, 10

Mount, 316

Muller, v

multicollinearity, 24

multiple linear regression, 2, 5, 13

multiple linear regression model, 354

Multivariate Central Limit Theorem, 48

multivariate Chebyshev’s inequality, 160

Multivariate Delta Method, 49

multivariate linear model, 354, 399

multivariate linear regression model, 353

multivariate location and dispersion, 280

multivariate location and dispersion

model, 273, 354

multivariate normal, 31, 54, 305, 307

multivariate t-distribution, 56

MVN, 3, 32

Myers, v, 434, 436

Nadler, 394

Naik, 369, 370, 394

Navarro, 161

Nelder, 492

Ning, 252

Nishii, 144

noncentral χ
2 distribution, 78

nonparametric bootstrap, 165, 198

nonparametric prediction region, 159

Nordhausen, 394

norm, 232, 331

normal equations, 27

normal MLR model, 14

null space, 73

Obozinski, 254, 393

observation, 2

OD plot, 466

Olive, v, 2, 13, 59, 100, 103, 128, 129,

136, 143, 144, 146, 147, 152, 155,

157, 159, 161, 166, 168, 172, 195,

229, 234–236, 251, 252, 254, 255,

265, 273, 280, 283, 298, 303, 316,

317, 320, 323, 335, 342, 343, 357,

359, 360, 393, 402, 404, 410, 413,

416, 422, 427, 448, 454, 460, 469,

474, 479–481, 489, 491, 492

OLS, 3, 10, 14

order statistics, 149, 272, 341

outlier, 118, 271, 403

outlier resistant regression, 310

outliers, 7, 314

overdispersion, 427

overfit, 135

Pötscher, 143, 145, 146, 195, 251

Parente, 167

Park, 339, 342

Partial F Test Theorem, 94, 102

partial least squares, 207, 393

Pati, 269

pdf, 3

Peña, 314

Pelawa Watagoda, 2, 134, 143, 146, 147,

152, 155, 168, 171, 172, 195, 229,

234, 236, 245, 251, 252, 410, 474,

480, 481

percentile method, 163

permutation invariant, 328

Pesch, 343

PI, 3

pmf, 3

Poisson regression, 418, 431, 492

Pollard, 317

pooled variance estimator, 120

population correlation, 33

population mean, 31

Portnoy, 336

positive breakdown, 277

positive definite, 76, 213

positive semidefinite, 76, 213

power transformation, 10

Pratt, 145, 281, 288, 335, 336

predicted values, 14, 246

prediction region, 155

predictor variables, 353, 399

Press, 62

principal component direction, 214

principal component regression, 213

principal components regression, 207,

213

projection matrix, 73

Projection Matrix Theorem, 73

pval, 19, 24, 100, 121

pvalue, 19, 96

Qi, 251, 254

quadratic form, 76

qualitative variable, 13

quantitative variable, 13

R, 497

R Core Team, vi, 198, 493

rank, 72

Rank Nullity Theorem, 73

Rao, v, 31

Rathnayake, 143, 144, 195, 229, 235,

252, 469, 476, 481, 492

Raven, 467



540 Index

Ravishanker, v

regression equivariance, 327

regression equivariant, 327

regression sum of squares, 17

regression through the origin, 29

Reid, 78

Rejchel, 252

relaxed elastic net, 244

relaxed lasso, 207, 244

Ren, 167, 170, 193, 195

Rencher, v

residual plot, 5, 14, 358, 402

residuals, 14, 205, 247

response plot, 5, 14, 100, 137, 358, 402,

417, 488

response transformation, 11

response transformation model, 418, 487

response variable, 1, 4

response variables, 353, 399

Reyen, 343

RFCH estimator, 289

Riani, 348, 424

ridge regression, 207, 254, 393

Riedwyl, 475

Rinaldo, 192, 269, 492

Ripley, vi, 493, 498

Ro, 311

Rocke, 280, 291

Rohatgi, 33, 46

Ronchetti, 97, 313, 344

Rothman, 255

Rousseeuw, 255, 275, 280, 283, 298, 305,

316, 318, 321, 332, 343, 344

row space, 72

RR plot, 23, 137, 358

Rupasinghe Arachchige Don, 129, 409,

410, 413, 416

S, 42

sample correlation matrix, 156

sample covariance matrix, 156, 341

sample mean, 16, 34, 156, 341

sandwich estimator, 100

SAS Institute, 397

Savin, 370, 382

scale equivariant, 328

Schaaffhausen, 346, 429, 445

Schaalje, v

Scheffé, v
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