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Croux, C. and Öllerer, V. (2016), “Robust and Sparse Estimation of the

Inverse Covariance Matrix Using Rank Correlation Measures,” in Recent Ad-

vances in Robust Statistics: Theory and Applications, eds. Agostinelli, C.,



REFERENCES 371

Basu, A., Filzomer, P., and Mukherjee, D., Springer, New Delhi, India, 35-
56.

Daniel, C., and Wood, F.S. (1980), Fitting Equations to Data, 2nd ed.,
Wiley, New York, NY.

Datta, B.N. (1995), Numerical Linear Algebra and Applications,

Brooks/Cole Publishing Company, Pacific Grove, CA.
Davison, A.C., and Hinkley, D.V. (1997), Bootstrap Methods and their

Application, Cambridge University Press, Cambridge, UK.
Denham, M.C. (1997), “Prediction Intervals in Partial Least Squares,”

Journal of Chemometrics, 11, 39-52.
Devroye, L., and Wagner, T.J. (1982), “Nearest Neighbor Methods in Dis-

crimination,” in Handbook of Statistics, Vol. 2, eds. Krishnaiah, P.R., and
Kanal, L.N., North Holland, Amsterdam, 193-197.
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Hebbler, B. (1847), “Statistics of Prussia,” Journal of the Royal Statistical

Society, A, 10, 154-186.
Hesterberg, T., (2014), “What Teachers Should Know About the Boot-

strap: Resampling in the Undergraduate Statistics Curriculum,” available
from (http://arxiv.org/pdf/1411.5279v1.pdf). (An abbreviated version was
published (2015), The American Statistician, 69, 371-386.)

Hilbe, J.M. (2011), Negative Binomial Regression, Cambridge University
Press, 2nd ed., Cambridge, UK.

Hillis, S.L., and Davis, C.S. (1994), “A Simple Justification of the Iterative
Fitting Procedure for Generalized Linear Models,” The American Statisti-

cian, 48, 288-289.
Hjort, N.L., and Claeskins, G. (2003), “Frequentist Model Average Esti-

mators,” Journal of the American Statistical Association, 98, 879-899.
Hoerl, A.E., and Kennard, R. (1970), “Ridge Regression: Biased Estima-

tion for Nonorthogonal Problems,” Technometrics, 12, 55-67.
Hoffman, I., Serneels, S., Filzmoser, P., and Croux, C. (2015), “Sparse

Partial Robust M Regression,” Chemometrics and Intelligent Laboratory Sys-

tems, 149, Part A, 50-59.
Hogg, R.V., and Tanis, E.A. (2005), Probability and Statistical Inference,

7th ed., Prentice Hall, Englewood Cliffs, NJ.
Hong, L., Kuffner, T.A., and Martin, R. (2018), “On Overfitting and Post-

Selection Uncertainty Assessments,” Biometrika, 105, 221-224.



REFERENCES 375

Hosmer, D.W., and Lemeshow, S. (2000), Applied Logistic Regression, 2nd
ed., Wiley, New York, NY.

Hsieh, C.J., Sustik, M.A., Dhillon, I.S., and Ravikumar, P. (2011), “Sparse
Inverse Covariance Matrix Estimation Using Quadratic Approximation,” Ad-

vances in Neural Information Processing Systems, 24, 2330-2338.
Huang, J., Liu, N., Pourahmadi, M., and Liu, L. (2006), “Covariance Ma-

trix Selection and Estimation via Penalised Normal Likelihood,” Biometrika,
93, 85-98.

Huberty, C.J., and Olejnik, S. (2006), Applied MANOVA and Discriminant

Analysis, 2nd ed., Wiley, Hoboken, NJ.
Hurvich, C., and Tsai, C.L. (1989), “Regression and Time Series Model

Selection in Small Samples,” Biometrika, 76, 297-307.
Hurvich, C., and Tsai, C.L. (1990), “The Impact of Model Selection on

Inference in Linear Regression,” The American Statistician, 44, 214-217.
Hurvich, C.M., and Tsai, C.-L. (1991),“Bias of the Corrected AIC Cri-

terion for Underfitted Regression and Time Series Models,” Biometrika, 78,
499-509.

Hyodo, M., and Nishiyama, T. (2017), “A One-Sample Location Test
Based on Weighted Averaging of Two Test Statistics When the Dimension
and the Sample Size are Large,” Communications in Statistics: Theory and

Methods, 46, 3526-3541.
Hyndman, R.J. (1996), “Computing and Graphing Highest Density Re-

gions,” The American Statistician, 50, 120-126.
Imhoff, D.C. (2018), “Bootstrapping Forward Selection with Cp,” Master’s

Research Paper, Southern Illinois University.
Izenman, A.J. (2008), Modern Multivariate Statistical Techniques: Regres-

sion, Classification, and Manifold Learning, Springer, New York, NY.
James, G., Witten, D., Hastie, T., and Tibshirani, R. (2013), An Intro-

duction to Statistical Learning With Applications in R, Springer, New York,
NY.

Jansen, L., Fithian, W., and Hastie, T. (2015), “Effective Degrees of Free-
dom: a Flawed Metaphor,” Biometrika, 102, 479-485.

Javanmard, A., and Montanari, A. (2014), “Confidence Intervals and
Hypothesis Testing for High-Dimensional Regression,” Journal of Machine

Learning Research, 15, 2869-2909.
Jia, J., and Yu, B. (2010), “On Model Selection Consistency of the Elastic

Net When p >> n,” Statistica Sinica, 20, 595-611.
Jin, J., and Wang, W. (2016), “Influential Features PCA for High Dimen-

sional Clustering,” The Annals of Statistics, 44, 2323-2359.
Johnson, M.E. (1987), Multivariate Statistical Simulation, Wiley, New

York, NY.
Johnson, M.P., and Raven, P.H. (1973), “Species Number and Endemism,
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Büchlmann, 110

bagging estimator, 110

Becker, 358

Belsley, 194, 342

Berk, v, 137, 195

Bertsimas, 194, 197

beta–binomial regression, 210

Bhatia, 67, 162

Bickel, 107, 110, 134, 136

binary regression, 210, 215

binomial regression, 210, 215

bivariate normal, 15

Bogdan, 198

boosting, 332

bootstrap, 29, 136

Boudt, 67, 347

Box, 12

Box–Cox transformation, 12

Breiman, 110

Brillinger, 209, 287

Buckland, 137

Budny, 101

Burnham, 84, 198, 239

Butler, 198

Buxton, 23, 69, 72, 350

c, 320

Cai, 332, 347

Cameron, 258, 287

Camponovo, 195

Candes, 197

case, 1, 48

Cauchy Schwartz inequality, 121

cdf, 4, 17

centering matrix, 19

cf, 4, 41

Chang, 138, 214, 287

Charkhi, 88, 272

Chatterjee, 195

Chebyshev’s Inequality, 34

Chen, 84, 101, 103, 133, 136, 176, 187,

188, 198, 271

Cheng, 195

Chew, 99

Cho, 198

Chun, 157, 195

CI, 4

Claeskens, 87, 88, 137, 272, 287

Claeskins, 194

Clarke, 136

classical prediction region, 99

CLT, 4

387



388 Index

coefficient of multiple determination, 52

Collett, 222, 258, 287, 333

concentration matrix, 347

conditional distribution, 15

confidence region, 102, 134

confusion matrix, 316

consistent, 34

consistent estimator, 34

constant variance MLR model, 48

Continuity Theorem, 41

Continuous Mapping Theorem:, 40

converges almost everywhere, 36

converges in distribution, 32

converges in law, 32

converges in probability, 33

converges in quadratic mean, 34

Cook, v, 9, 54, 67, 94, 120, 126, 156,

157, 195, 196, 224, 238, 241, 258,

265, 287, 290, 332

covariance matrix, 13

coverage, 99

covmb2, 22, 66

Cox, 12, 76, 188, 211

Cramér, 53

Crawley, 358, 360

cross validation, 314

Croux, 347

CV, 4

DA, 4

Daniel, 82

data frame, 358

data splitting, 245

Datta, 194, 344

degrees of freedom, 53, 200

Delta Method, 30

Denham, 195

Devroye, 315

Dezeure, 195

df, 53

discriminant function, 216

double bootstrap, 138

Duan, 287

EAP, 4

EC, 4

EE plot, 79, 239

Efron, 84, 103, 109, 110, 120, 136, 161,

162, 166, 169, 194, 195

Efroymson, 194

eigenvalue, 153

eigenvector, 153

Ein-Dor, 283

elastic net, 172

elliptically contoured, 28

elliptically contoured distribution, 98

elliptically symmetric, 28

empirical cdf, 104

empirical distribution, 104

error sum of squares, 52, 63

ESP, 4

ESSP, 4

estimated additive predictor, 5, 209

estimated sufficient predictor, 5, 209,

302

estimated sufficient summary plot, 5

Euclidean norm, 42

Ewald, 137, 185, 195

exponential family, 212

extrapolation, 94, 176

Fahrmeir, 236

Fan, 87, 194, 195, 197, 198

Farcomeni, 354

FDA, 4

Feldmesser, 283

Feng, 347

Ferguson, 40, 67

Fernholtz, 136

Ferrari, 194

FF plot, 58, 79

Filzmoser, 309

Fithian, 194

fitted values, 49, 145, 189

Flury, 266

Fogel, 194

Forzani, 156, 157, 195

Fox, 358

Frank, 196

Freedman, 94, 120–122

Frey, 91, 103, 140, 281

Friedman, v, 110, 196, 271, 302, 332,

346, 347, 357

Fryzlewicz, 198

Fu, 137, 163, 167, 194–196

Fujikoshi, 198

Fujikoshi,, 347

full model, 76, 143, 189

Furnival, 82

GAM, 4

Gamma regression model, 210

Gao, 197
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